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Abstract 

The research discusses AI-enabled mobile apps that can enhance digital care planning and coordination among 

caregivers and insurers in long-term care. The study involves a quantitative, data-intensive approach to research that 

evaluates trends in digitization, the use of AI, the effectiveness of care coordination, and the effectiveness of claims 

processing. A prototype mobile application is created to test real-time coordination, automation of documentation and 

communication with the insurers. Its results reveal an increased level of operational efficiency, greater continuity of 

care, and less administrative lag time. The research adds practical information on scalable digital care planning 

solutions as well as facilitating technology-enabled integrated care delivery in the long-term care setting. 

Keywords:   Artificial Intelligence, Mobile Health Applications, Long-Term Care, Digital Care Planning, Care 

Coordination, Health Insurance Integration, Healthcare Analytics 

I. INTRODUCTION 

The growing need to have long-term care (LTC) 

services has also created a strain on effective, 

coordinated, and technology-based care planning 

solutions. The developments in artificial intelligence 

(AI) and mobile health technologies have made it 

possible to create digital care planning applications 

that facilitate the exchange of real-time data, 

personalized care recommendations, and automated 

administrative processes [1]. The processes used in 

traditional LTC care planning are usually disjointed 

and based on manual records and slow 

communications between caregivers and insurance 

providers that may jeopardize continuity of care and 

efficiency in operations. The AI-based mobile 

applications hold a lot of promise to facilitate the 

process of coordination between the LTC caregivers 

and insurance providers by aligning clinical activities, 

care outcomes, and reimbursement processes on the 

same digital platform [2]. These portals can enhance 

the accuracy of decision making, minimize the 

administrative load, and transparency amongst the 

stakeholders. The implementation of AI-based mobile 

care planning device is a decisive move toward the 

ultimate goal of having integrated, patient-centered 

LTC systems that offer higher quality care at a low 

cost without violating regulations. 

Aims and Objectives 

Aim 

The research aim is to examine the effectiveness of AI-

enhanced mobile applications in improving digital 

care planning and coordination in long-term care 

settings. 

 

 

Objectives 

● To evaluate how AI-enabled mobile 

applications enhance care coordination 

efficiency between long-term care caregivers 

and insurers. 

● To explore the role of artificial intelligence in 

supporting personalized, data-driven digital 

care planning within long-term care 

environments. 

● To identify challenges related to 

interoperability, data privacy, usability, and 

adoption of AI-based mobile care planning 

systems. 

● To recommend practical strategies for 

improving implementation, governance, and 

scalability of AI-enhanced digital care 

planning solutions. 
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II. LITERATURE REVIEW 

 
Fig 1. Research Flow 

A. The Goal of the Review: 

The goal of the review is to critically synthesize 

scholarly articles examining AI-enabled mobile care 

planning, focusing on coordination efficiency, clinical 

outcomes, and insurer integration in long-term care. 

B. Study of Previous Literature 

1. Evaluation of AI-Enabled Mobile Applications for 

Care Coordination Between LTC Caregivers and 

Insurers 

The increased efficacy of computer-aided AI-based 

mobile programs in enhancing care coordination 

among caregivers in long-term care (LTC) and 

insurers. The applications are operational in real-time 

information sharing by digitally connecting care 

delivery processes and insurance operations together 

to curtail communication latency and administrative 

dispersion [3]. The automation technology allows 

caregivers to enter the care activities in the appropriate 

place during the service, providing the insurers with 

the opportunity to access the data in time and verify it 

before authorization and reimbursement.  

 
Fig 2. Systematic Literature Review Process for 

AI Applications in Caregiving 

The literature has also established that mobile based 

coordination platforms enhance transparency and 

accountability by establishing a common visibility 

amongst stakeholders [4]. Insurers enjoy greater 

resources of following the quality of care and its 

utilization patterns, whereas caregivers have less 

paperwork and less efficient working processes. A 

number of studies claim that there have been 

improvements in processing time of claims, decrease 

in manual processing, and enhancement of the planned 

and delivered care [5]. In general, the analysis of the 

available research indicates that AI-powered mobile 

applications can greatly facilitate the effectiveness of 

coordination in LTC facilities through the 

incorporation of clinical, operational, and financial 

operations into a single digital ecosystem. 

2. Role of Artificial Intelligence in Personalized and 

Data-Driven Digital Care Planning in Long-Term 

Care 
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Fig 3. Conceptual Framework of Generative AI 

Applications in Healthcare 

Recent academic literature highlights how artificial 

intelligence can revamp digital care planning through 

personalization and data-driven digital care planning 

because it plays a transformative role in long-term care 

settings. Machine learning and predictive analytics are 

AI methods that can be used to dynamically customize 

care plans according to individual health status, 

functional capabilities, behavioral profiles and 

historical care data [6]. Having AI systems constantly 

analyses real-time data provided by mobile apps, 

proactive care adjustments, risks recognition, and 

early intervention in vulnerable people may be 

available. The literature also identifies that the 

artificial intelligence decision support machines lead 

to improved clinical consistency by decreasing the use 

of subjective judgement and manual systems [7]. 

Individual care planning enhances performance of 

care procedures and aids in better resource allocation 

throughout LTC institutions. The use of data-driven 

care planning allows constant tracking of care results 

and, in this regard, caregivers can assess its 

effectiveness and make necessary changes [8]. In 

general, available literature shows that artificial 

intelligence enhances the accuracy, timeliness, and 

sustainability of digital care planning in long-term care 

by converting fixed care plans into dynamic and 

evidence-based management instruments. 

3. Challenges in Implementing AI-Based Mobile 

Care Planning Systems: Interoperability, Privacy, 

Usability, and Adoption 

 
Fig 4. Generative AI Models and Their Healthcare 

Application Domains 

The identified challenges for AI-Based mobile care 

planning systems that are critical to the 

implementation of AI-based mobile care planning 

systems in long-term care environments. 

Interoperability is a significant issue, with most 

systems experiencing problems in interoperating with 

the rest of the electronic health records, insurers, and 

legacy infrastructure, resulting in the creation of data 

silos and inefficient workflows [9]. Research indicates 

challenges in data breaches, consent management and 

regulation especially with stringent data protection 

systems. The aspect of privacy and data security is also 

spectacular, since the data on health and insurance is 

sensitive and processed by AI-driven apps [10]. The 

issue of usability also affects the adoption as difficult 

interfaces and lack of proper training may inhibit 

effective utilization by caregivers working in high-

pressure care settings. The most common obstacles are 

resistance to change, the digital illiteracy level, and 

fear of missing the human element in automated 

decision-making [11]. The organizational and cultural 

issues determine the adoption, such as the absence of 

institutional support, a lack of clarity about 

accountability, and a lack of understanding about AI 

transparency. The review summaries the literature 

indicates that to overcome these challenges, it is 

necessary to focus on a complex approach to the 

technical, ethical, and organizational solutions to 

guarantee sustainable implementation of AI-based 

mobile care planning systems. 

4. Strategies and Frameworks for Effective 

Implementation, Governance, and Scalability of AI-

Enhanced Digital Care Planning 

The literature suggests a number of strategies and 

governance models that can be used to promote the 

successful rollout and scaling of AI-enhanced digital 

care planning systems in long-term care. The step-by-

step implementation strategy is often suggested to 
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enable organizations to test AI-enabled mobile 

applications, optimize the working processes, and 

resolve technical concerns prior to its large-scale 

implementation [12]. Frameworks that are internally 

interoperative are those that focus on the application 

of standardized models of data and free application 

programmed interfaces in order to provide a seamless 

interface with clinical systems and insurance systems.  

 
Fig 4. Artificial Intelligence Technology 

Landscape and Application Areas 

The governance systems emphasize the roles of ethical 

controls, data stewardship, and accountabilities to 

regulate AI-driven decisions [13]. The transparency, 

human oversight, consent and ownership of data are 

found to be crucial policies that need to be formulated 

to attract stakeholder trust. The literature also 

emphasizes that continuous monitoring of 

performance, model validation, and bias mitigation 

must be performed in order to ensure system reliability 

in the long term [14]. Research suggests the ability to 

facilitate scalability, modular system design, cloud 

infrastructures, and workforce training programmed 

that provide the improvement of digital capabilities of 

caregivers and administrators. The measures can 

facilitate the adoption of AI-enhanced digital care 

planning solutions in a sustainable, compliant, and 

scalable way. 

Literature gap 

The literature on artificial intelligence in healthcare 

and mobile health applications has been already 

studied widely, but there is still a gap in the literature 

on the integrated usage of these two variables in long-

term care. Specifically, the literature does not provide 

empirical research that assesses AI-enhanced mobile 

care planning platforms that directly facilitate the 

workflow between long-term care caregivers and 

insurers. Contemporary research tends to ignore the 

integration of insurers in real-time, mechanisms of 

governance, and scalability issues, and there is a 

necessity of applied research dealing with end-to-end 

digital care planning ecosystems. 

III. METHODOLOGY 

This is a quantitative research approach that is data 

intensive to assess the effectiveness of AI assisted 

mobile care planning in practice. The long-term care 

caregivers with the secondary data logs and system 

usage measures use quantitative data that is safely 

stored. Digital integration minimizes the issue of 

fragmentation because it allows flow of information 

within clinical, administrative, and financial care 

processes within long-term care systems to be 

continuous [15]. The study is based on a data intensive 

approach that focuses on big scale operational data in 

real time contributions and longitudinal activity data 

examination. Visualization is used to aid in 

quantitative analysis by creating dashboards with 

trend charts, heatmaps and comparative performance 

graphs to analyses primary data. An AI improved 

mobile care planning solution prototype is built to 

model caregiver insurer coordination processes in 

realistic operations. The adoption of technology is 

greater when the systems prove to be highly useful, 

user-friendly, and are explicitly positive towards daily 

caregiver workflow [16]. The prototype produces 

predictive alerts, automated documentation and 

coordination metrics that are analyzed with the help of 

statistical methods and visual output tools. The visual 

outputs can be used to assess the efficiency 

improvement of communication latency reduction and 

decision support accuracy in long term care settings 

environments. This approach will make empirical 

validation applicable and congruent with modern AI 

driven digital healthcare research standards and 

practice setting. 
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IV. DATA ANALYSIS 

 
Fig 5. Growth of Digitized Care Plans (2018–2021) 

The number indicates that digitized care plans have 

steadily increased between the year 2018 25% to 2021 

85%. This trend suggests that there is a growing 

dependence on digital care planning systems in long-

term care. Evidence-based care planning increases 

clinical consistency through lessened dependence on 

reliance on subjective judgement, as well as manual 

documentation procedures [17]. A speeding increase 

after 2019 indicates an emerging organizational 

preparedness in using AI-enabled mobile coordination 

solutions. 

 
Fig 6. AI Adoption in Long-Term Care Systems 

(2018–2021) 

There is a significant growth in the level of AI 

adoption between 10% in 2018 and 60% in 2021, in 

the context of rapid technological integration. The 

trend towards this increase can be used to argue that 

AI is increasingly used by long-term care providers to 

mitigate decision-making, automate, and facilitate 

scalable digital care planning and workflows of 

insurers. 

 

 
Fig 7.  Figure 3: Care Coordination Efficiency 

Over Time (2018–2021) 

Efficiency of care coordination increases between 

55% and 85% throughout the study period. 

Automation helps to decrease the administrative load 

by decreasing the number of repetitive tasks and 

automating the approval and reimbursement processes 

[18]. This development indicates that digital and AI-

assisted systems have a positive impact on 

communication, task coordination, and exchange of 

information between the caregiver and insurer, which 

minimizes the delays and enhances the performance of 

operational activities in the long-term care setting. 

 
Fig 8. Distribution of Key Performance Indicators 

The boxplot illustrates variability of and central 

tendencies of digitized care plans, efficiency in the 
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coordination, and utilization of the use. Median 

stability in coordination efficiency is greater whereas 

there is a broader difference in dispersion in 

application usage. It means that there are variations in 

the levels of adoption maturity and it allows 

identifying the spheres within that specific training 

and usability should be improved. 

 

 

 
Fig 9. Heatmap of Digital Care Planning 

Performance Trends (2018–2021) 

The heatmap shows that digitization, adoption of AI, 

the efficiency of the coordination, and the use of the 

application have been increasing simultaneously, at 

the same time, the claim’s processing duration has 

been decreasing. Interoperability of systems facilitates 

teamwork through linking the previously isolated 

technological and organizational worlds together [19]. 

Later-years darker intensity shows the system-wide 

performance improvement, that contributes to the 

applicability of integrated AI-enhanced mobile care 

planning solutions in terms of long-term care. 

 
Fig 10. Care Plans Dashboard – HealthAI LTC 

Application 

Adaptive digital systems enhance the quality of the 

provided services by constantly learning based on 

operational data and revising the processes of care 

[20]. The screen will show a summary of the active 

care plans, compliance status and risk indicators, that 

can allow the caregiver to prioritize patients, keep 

track of updates and coordinate long-term care 

effectively using a centralized interface.  
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Fig 11. Individual Care Plan and Daily Task 

Overview 

The page shows individual care plans, tasks, and the 

participation of multidisciplinary teams, that facilitate 

the development of personalized care delivery, real-

time monitoring of tasks, and the harmonious presence 

of insurers to approve and review the presented 

information in real time. 

 

 
Fig 12. Care Team Coordination Overview Screen 

The interface is used to visualize the availability of 

caregivers, assigned patients, and communication 

options. Good governance systems help to build trust 

as they are responsible in the use of data, are 

transparent, and the automated systems are overseen 

by human beings [21]. Allowing the permission to 

allocate workforce in an efficient manner, create a 

quick working collaboration, and coordinate better the 

work of nurses, physicians and care assistants in long-

term care settings. 
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Fig 13. Task Management and Priority Allocation 

Screen 

This display allows the caregivers to monitor the 

progress, urgency, and assignments of the tasks, 

allowing them to prioritize the high-priority 

interventions and minimize the missed tasks and 

enhance the performance of the care teams. 

 

 
Fig 14. Insurance Claims Management Dashboard 

This page contains claims status, number of approvals 

and financial summaries, making the coordination of 

the insurers more transparent, tracking 

reimbursements faster and the workload on the 

administration side will decrease due to integrated 

digital processing of claims. 
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Fig 15. Insurer Communication and 

Authorization Interface 

This screen promotes real time messaging between 

caregivers and insurers to enable quick claim 

approvals and sharing of authorization and 

documentation to reduce the delays and enhance 

coordination efficiency across organisational borders. 

 

 
Fig 16. AI-Powered Care Documentation 

Interface 

This interface allows documentation of a care activity 

using voice, photographic, and written documentation 

that assist in the creation of an accurate real-time 

documentation, automated data capture, and 

information sharing with insurers to enable 

compliance and reimbursement. 
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Fig 17. Vital Signs and Clinical Data 

Documentation Screen 

In this screen, it is made possible to access the 

recorded clinical metrics and vital signs to ensure that 

caregivers verify patient status, update records, and 

share clinical data that is validated, and share it with 

insurers to make informed decisions. 

V. RESULT AND DISCUSSION 

Results:  

The outcomes show that the long-term care 

coordination has significantly improved after the AI-

enhanced mobile care planning systems are adopted. 

The positive growth of AI was high as it was 

associated with the enhanced organizational 

acceptance in line with the principles of the 

Technology Acceptance Model [22]. There was also a 

significant improvement in the efficiency of care 

coordination, that showed an improved flow of 

information between the insurers and the caregivers 

with integrated mobile platforms. The digitized care 

plans steadily showing better working preparedness 

and correlations with digital transformation tendencies 

in the healthcare service [23]. There was also a 

significant decrease in the time needed to process 

claims, which is an operational advantage that 

automation and real-time data exchange mechanisms 

provide. The use of caregiver mobile applications 

continued to rise, making it possible that they have 

become more usable, perceived useful, and embedded 

into the workflow in care settings [24]. The data 

support the effectiveness of data-driven decision 

support because using scatter and heatmap analysis 

shows that there is a positive relationship between AI 

adoption and coordination efficiency. The box plot 

analysis illustrates the less variability of performance, 

that means that the system reliability and 

standardization of processes can be increased with 

time. The findings support the idea that AI-based 

mobile care planning can improve the efficiency of 

coordination, the performance of administration, and 

the outcomes of care delivery in the area of long-term 

care. 

Discussion: 

The results are consistent with integrated care and 

socio-technical systems theory that also focus on 

coordination and work on the mechanism of 

collaboration with the aid of technology. Franchised 

coordination of care enhances the integrated care 

models through minimizing the lapses in the clinical 

delivery and insurance administration processes [25]. 

The good correlation between the adoption of AI and 

efficiency underlines the fact of cognitive and 

operation tasks being improved by decision-support 

automation. The Technology Acceptance Model 

becomes supported by the higher the usage of the 

application as perceived usefulness and ease of use 

leads to adoption behavior [26]. Less time to process 

the claims is an indication of how digital 

interoperability empowers transaction cost theory by 

ensuring less administrative overhead. AI-based 

documentation can improve data accuracy and 

transparency that aids accountability structures in 

controlled healthcare settings. The results indicate that 

mobile platforms are the boundary-spanning tools that 

enhance the communication across organizational and 

professional silos [27]. The findings also point to the 

use of AI in facilitating adaptive care planning that is 

in line with the theory of learning health systems. In 

general, the discussion establishes that AI-enhanced 

mobile care planning offers quantifiable coordination 
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benefits and helps to extend the existing healthcare 

technology theories. 

Research Limitations: 

This research uses simulated and prototype datasets 

that can be a drawback in the generalizability to the 

real-life long-term care setting. It is presented in the 

form of analysis of major quantitative indicators and, 

therefore, provides less insight into the perspectives of 

caregivers and insurance companies. The limited time 

frame of short-term data is limiting in terms of 

longitudinal analysis of the long-term performance of 

AI and the overall effect on organizations [28]. The 

prototype test is inadequate in terms of the complexity 

of regulatory challenges in various healthcare systems 

and insurance models. Artificial intelligence 

indicators like bias detection and explain ability were 

not empirically tested on the basis of real clinical data. 

The research presupposes the uniformity of digital 

literacy among caregivers that does not necessarily 

indicate diverse workforce abilities.  

VI. CONCLUSION AND FUTURE ASPECTS 

Conclusion 

This research shows that AI augmented mobile care 

planning applications can significantly enhance the 

level of coordination between the caregivers and 

insurance companies concerning long-term care. The 

results show that the implementation of artificial 

intelligence in mobile solutions can be used to 

implement digital care planning, real-time information 

sharing, and automated administration. The practical 

significance of AI-driven systems in the reduction of 

fragmentation in long-term care settings is reflected in 

future interactions, better care coordination efficiency, 

documentation accuracy, and claims processing. In 

general, the research confirms that the concept of AI-

enabled mobile apps represents a scalable and efficient 

method of improving the quality-of-care continuity, 

operational transparency, and decision-making in 

long-term care facilities. 

Future Research 

The desired development of future research is the 

large-scale empirical validation through real-world 

clinical and insurance data so as to improve the 

generalizability. Scalable digital solutions are 

considered to be sustainable as they can provide 

services to growing demands without corresponding 

growth in the complexity of operational processes 

[29]. There is the need to conduct longitudinal studies 

to determine the sustainability of systems and 

caregiver adoption behavior as well as the patient 

outcome gains over time. Further evidence on AI-

enhanced digital care planning solutions would be 

enhanced by comparative research on how cost-

effective, interoperable standards, and cross-regional 

adoption issues.  

VII. REFERENCES 

[1] Siontis, G.C., Sweda, R., Noseworthy, P.A., 

Friedman, P.A., Siontis, K.C. and Patel, C.J., 2021. 

Development and validation pathways of artificial 

intelligence tools evaluated in randomised clinical 

trials. BMJ Health & Care Informatics, 28(1), 

p.e100466. 

[2] Chen, L. and Xu, X., 2020. Effect evaluation of the 

long-term care insurance (LTCI) system on the health 

care of the elderly: a review. Journal of 

Multidisciplinary Healthcare, pp.863-875. 

[3] Schneider-Kamp, A., 2021. The potential of AI in 

care optimization: insights from the user-driven co-

development of a care integration system. INQUIRY: 

The Journal of Health Care Organization, Provision, 

and Financing, 58, p.00469580211017992. 

[4] Seibert, K., Domhoff, D., Bruch, D., Schulte-

Althoff, M., Fürstenau, D., Biessmann, F. and Wolf-

Ostermann, K., 2021. Application scenarios for 

artificial intelligence in nursing care: rapid review. 

Journal of medical Internet research, 23(11), 

p.e26522. 

[5] Chauhan, A. and Hasija, Y., 2020. IoT-Based 

Healthcare: Personalized Health Monitoring Using 

Machine Learning and Blockchain for Security of 

Data. In Security and Trust Issues in Internet of Things 

(pp. 257-282). CRC Press. 

[6] Cresswell, K., Callaghan, M., Khan, S., Sheikh, Z., 

Mozaffar, H. and Sheikh, A., 2020. Investigating the 

use of data-driven artificial intelligence in 

computerised decision support systems for health and 

social care: a systematic review. Health Informatics 

Journal, 26(3), pp.2138-2147. 

[7] Mlakar, I., Lin, S., Aleksandraviča, I., Arcimoviča, 

K., Eglītis, J., Leja, M., Salgado Barreira, A., Gómez, 

J.G., Salgado, M., Mata, J.G. and Batorek, D., 2021. 

Patients-centered SurvivorShIp care plan after Cancer 

treatments based on Big Data and Artificial 

Intelligence technologies (PERSIST): a multicenter 

study protocol to evaluate efficacy of digital tools 



Page 652 

 

Vol 11 Issue 11, Nov 2022 ISSN 2456 – 5083 

  

        

    

 

 

 

supporting cancer survivors. BMC Medical 

Informatics and Decision Making, 21(1), p.243. 

[8] Manik, M.M.T.G., Saimon, A.S.M., Miah, M.A., 

Ahmed, M.K., Khair, F.B., Moniruzzaman, M., Islam, 

M.S. and Bhuiyan, M.M.R., 2021. Leveraging AI-

powered predictive analytics for early detection of 

chronic diseases: A data-driven approach to 

personalized medicine. Nanotechnology Perceptions, 

17(3), pp.269-288. 

[9] Grguric, A., Khan, O., Ortega-Gil, A., Markakis, 

E.K., Pozdniakov, K., Kloukinas, C., Medrano-Gil, 

A.M., Gaeta, E., Fico, G. and Koloutsou, K., 2021. 

Reference architectures, platforms, and pilots for 

european smart and healthy living—Analysis and 

comparison. Electronics, 10(14), p.1616. 

[10] Sarker, I.H., Hoque, M.M., Uddin, M.K. and 

Alsanoosy, T., 2021. Mobile data science and 

intelligent apps: concepts, AI-based modeling and 

research directions. Mobile Networks and 

Applications, 26(1), pp.285-303. 

[11] Alan, J. and Liam, M., 2020. Protecting 

Healthcare Data: AI-Powered Strategies for Securing 

Distributed Systems. International journal of 

Computational Intelligence in Digital Systems, 9(01), 

pp.20-33. 

[12] Chianumba, E.C., Ikhalea, N.U.R.A., Mustapha, 

A.Y., Forkuo, A.Y. and Osamika, D.A.M.I.L.O.L.A., 

2021. A conceptual framework for leveraging big data 

and AI in enhancing healthcare delivery and public 

health policy. IRE Journals, 5(6), pp.303-310. 

[13] Adekunle, B.I., Chukwuma-Eke, E.C., Balogun, 

E.D. and Ogunsola, K.O., 2021. Machine learning for 

automation: Developing data-driven solutions for 

process optimization and accuracy improvement. 

Machine Learning, 2(1). 

[14] Selvarajan, G., 2021. Leveraging AI-enhanced 

analytics for industry-specific optimization: A 

strategic approach to transforming data-driven 

decision-making. International Journal of Enhanced 

Research In Science Technology & Engineering, 10, 

pp.78-84. 

[15] Chiu, T.Y., Yu, H.W., Goto, R., Lai, W.L., Li, 

H.C., Tsai, E.T. and Chen, Y.M., 2019. From 

fragmentation toward integration: a preliminary study 

of a new long-term care policy in a fast-aging country. 

BMC geriatrics, 19(1), p.159. 

[16] Shin, J.Y., Chaar, D., Kedroske, J., Vue, R., 

Chappell, G., Mazzoli, A., Hassett, A.L., Hanauer, 

D.A., Park, S.Y., Debra, B. and Choi, S.W., 2020. 

Harnessing mobile health technology to support long-

term chronic illness management: exploring family 

caregiver support needs in the outpatient setting. 

JAMIA open, 3(4), pp.593-601. 

[17] McLachlan, S., Kyrimi, E., Dube, K., Hitman, G., 

Simmonds, J. and Fenton, N., 2020. Towards 

standardisation of evidence-based clinical care process 

specifications. Health informatics journal, 26(4), 

pp.2512-2537. 

[18] Komperla, R.C.A., 2021. Ai-Enhanced Claims 

Processing: Streamlining Insurance Operations. 

Journal of Research Administration, 3(2), pp.95-106. 

[19] Turk, Ž., 2020. Interoperability in construction–

Mission impossible?. Developments in the Built 

Environment, 4, p.100018. 

[20] Gopal, G., Suter-Crazzolara, C., Toldo, L. and 

Eberhardt, W., 2019. Digital transformation in 

healthcare–architectures of present and future 

information technologies. Clinical Chemistry and 

Laboratory Medicine (CCLM), 57(3), pp.328-335. 

[21] Truby, J., 2020. Governing artificial intelligence 

to benefit the UN sustainable development goals. 

Sustainable Development, 28(4), pp.946-959. 

[22] Alhashmi, S.F., Salloum, S.A. and Abdallah, S., 

2019, October. Critical success factors for 

implementing artificial intelligence (AI) projects in 

Dubai Government United Arab Emirates (UAE) 

health sector: applying the extended technology 

acceptance model (TAM). In International conference 

on advanced intelligent systems and informatics (pp. 

393-405). Cham: Springer International Publishing. 

[23] Kruszyńska-Fischbach, A., Sysko-Romańczuk, 

S., Rafalik, M., Walczak, R. and Kludacz-Alessandri, 

M., 2021. Organizational e-readiness for the digital 

transformation of primary healthcare providers during 

the COVID-19 pandemic in Poland. Journal of 

Clinical Medicine, 11(1), p.133. 

[24] Désormeaux-Moreau, M., Michel, C.M., 

Vallières, M., Racine, M., Poulin-Paquet, M., Lacasse, 



Page 653 

 

Vol 11 Issue 11, Nov 2022 ISSN 2456 – 5083 

  

        

    

 

 

 

D., Gionet, P., Genereux, M., Lachiheb, W. and 

Provencher, V., 2021. Mobile apps to support family 

caregivers of people with Alzheimer disease and 

related dementias in managing disruptive behaviors: 

qualitative study with users embedded in a scoping 

review. JMIR aging, 4(2), p.e21808. 

[25] Poku, M.K., Kagan, C.M. and Yehia, B., 2019. 

Moving from care coordination to care integration. 

Journal of General Internal Medicine, 34(9), pp.1906-

1909. 

[26] Muchran, M. and Ahmar, A.S., 2019. Application 

of TAM model to the use of information technology. 

arXiv preprint arXiv:1901.11358. 

[27] Amann, J., Blasimme, A., Vayena, E., Frey, D., 

Madai, V.I. and Precise4Q Consortium, 2020. 

Explainability for artificial intelligence in healthcare: 

a multidisciplinary perspective. BMC medical 

informatics and decision making, 20(1), p.310. 

[28] Sewchurran, K., Dekker, J. and McDonogh, J., 

2019. Experiences of embedding long-term thinking in 

an environment of short-termism and sub-par business 

performance: Investing in intangibles for sustainable 

growth. Journal of Business Ethics, 157(4), pp.997-

1041. 

[29] Acquier, A., Carbone, V. and Massé, D., 2019. 

How to create value (s) in the sharing economy: 

Business models, scalability, and sustainability. 

Technology innovation management review, 9(2).

 
 


