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ABSTRACT 

Explainable AI (XAI) is a methodology designed to enhance the trasparency of AI models. 

Often referred to as black boxes.Its importance has been increasingly recognized across 

various fields ,including pharamacovigilance, which monitors drug safety and adverse 

effects.This research aimed to review studies applying XAI in pharmacovigilance, identifying 

only 25 relevant papers out of an initial 781.T he study highlights the potential of XAI in 

analyzing clinical , registry, and knowledge data to assess drug treatments, side effects, and 

interactions using models like decision trees, and NN, and graph models.While AI is widely 

used for drug surveillance and patient safety, XAI’s role remains underutilized.  

 

I.INTRODUCTION   

 

 
growing interest in and research and 

development around Explainable Artificial 

Intelligence (XAI).  



 

 

Volume 13 Issue 10 October 2024                              ISSN 2456 – 5083                                 Page 68 

 

 

 

 

 

 



 

 

Volume 13 Issue 10 October 2024                              ISSN 2456 – 5083                                 Page 69 

 

 

 

 
 

III.PROPOSED SYSTEM  
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IV.Modules 
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V.CONCLUSION 
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